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Figure out when works for you to read

| find that | am most consistent with my reading when
it's the first thing | do every day (some say “if
something matters to you, do it first thing in the
morning”). | find if | read at night then it takes longer
and | read in unnecessarily high depth.

ADDENDUM 2

Figure out what works for you to read

While some papers are really boring, not all of them
are! If you are having a consistently hard time reading
a particular kind of paper, that may be a sign that you
find that type of paper boring. This is okay! You
learned something about yourself. (You probably still
gotta read them though.)

ADDENDUM 3

Don'’t read too deeply / don’t read too shallowly
Some papers require great reflection and care, others
require casual parses, others still require somewhere in
between. | think one of the big skills in paper reading
(as it is a skill, and not (as | have thought in the past)
a talent) is to know when to read and how.

| read a lot of papers, such is the loathsome
life of the PhD student. Unfortunately |
foolishly squandered my first opportunity to
learn how to academically read good and have
had to develop these skills during grad school

| spent most of my college years insisting |
didn’t need to know how to read papers (or
really to think critically at all) because
scientists just did math. How wrong | was!

This zine will take you through my approach to
reading papers. |t mostly applies to reading

Visualization and HCI papers, so your mileage
may vary.

There are better guides on read
gooding, but this documents
what | wish | could tell myself 10
years ago.
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You are probably going to forget
the specifics of this paper in a few
months. That's okay!

The last step then Is to write a
summary of the paper in a
document that contains all your
summaries. It's okay to include
your opinions, but you'll want to
reference this later so try to keep
It coherent.

XAMPLE PAPER SUMMARY EXAMPLE PAPER SUMMAR

Title: How to read an academic paper - a non definitive guide

Authors: Andrew McNutt

Venue: n/a

Venue Year: n/a

Date read: February 16, 2021

Summary:

In this zine the author tries to summarize how to read a paper well, but in doing so becomes
unable to remember how to read a paper well and makes a bunch of jokes wrapped in “okay” (if
a little pretentious) graphic design.

XAMPLE PAPER SUMMARY EXAMPLE PAPER SUMMAR

Don't write too much, this is just for you.
You're not turning it in and can't get points
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STEP 1.

PRINT THE

N
> PAPER
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Getting the paper in print is valuable as it transforms
the document from something ephemeral
something tangible and definite.

Into

Chrome (and lots
of other programs)
lets you print two
7 document pages

— N per print page!

...........................

In addition to looking
cool this also gives
more space to write
notes in the margins
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It's okay If your attention wanders, just stop reading
briefly and take a lil time for yourself.

(PROCRASTINATE) twitter. do what you need. Reading s hardl

Leave the paper on _

your desk for

- [ARE LITTLE

Through osmosis*
gain a vague feel for

You can take a day or two break if you really need,
the content. Y Y y

but be careful, this can be a way to just not read the
paper. (Or to forget what’s actually going on)

(This step can be skipped if you are excited)
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out awesome!

You can often assess which of these they are by
looking at how carefully they are made*. Spend
time with the good ones, forget the others.
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Itegrated Visualization Ediing via Parameteized Declaratve Templates

‘The learnability of the system and mixed-modality remained a
primary difficulty. Users typically struggled to figure out how to
bridge the gap between text and GUI at first, however, by the end of
the session, ll users were competent in both regimes. For instance,
‘most subjects iteratively refined their solutions to the box plot
task, modifying both code and GUI values to address developing
hypotheses. P3 noted that the system required a non-trivial level of

d visualization literacy. Fortunately, users could

CHI2, May §-13, 2021, Yokohams, apan

barriers between what users expect and what is supported (e P3
expected a pivot table). And while Ivy encompasses chart choosing,
shelf building, and textual specification, it does 5o at the cost of an
increased learning curve. However, we believe that this difficulty
is not endemic to multimodal systems, and that through attentive
dzslgn the experience of using the system can be made easier.

g our template-based approach more viable for practical
use,itis easy to imagie ariety of system improvements—such

" » hurdles. P4
noted tht the integration between the ‘code body and the point-and-
clickable GUI i really tight and also good for reinforcing learning”
and that “f you know how to do something in one form, you can do
it and watch how it changes the other side of the tool.”

‘The scope of this study was small. We merely sought to demon-
strate that real users of similar systems could approach the mixe
‘modality UL found in Ivy. While these results suggest that this
combination is promising, further investigation is required to un-
derstand its utiity in the context of more developed interfaces.
Once our system reaches maturity, we intend to conduct a study
‘comparing it with standard analytics tools, such as Tableau or Excel.

6 DISCUSSION
In this paper, we described how parameterized declarative tem-
plates—a typed abstraction layer over JSON specifications—can
rve as a basis for a multimodal Ul to create and explore visu-
alizations. Ivy-style templates may help in the organization and
reuse (G4) of existing visualization corpora (per Sec. 5.1). Vega and
Vega-Lite have garnered ample popularity, and new declarative
visulization grammars are bein aciely develped (12 1,9
As the availability and use of to prolifer-

hemes or inline
Gt Bk, drag and drop nterachons fo reacoring and abtract
ing specifications (e.g. 29, 47]), as well as enriching the ways in
which changes made in one modality are reflected and explained
in the others. Beyond these, we highlight below several avenues
for future research.

611 Language Extensibility. Ivy is designed to be extensible: sup-
ot forexchspecification anguage i defned throvgh o sandar-
the syntax,
a JaWsScnpt rendering anconfor e Tanguage, and rewy
to help users abstract specifications. Our implementa
simple table language), which, in future work, we w8
increase 50 as to support a greater variety of task:

grammar-agnostic template framework provides a standard
set of abstraction and data manipulation mechanisms—which may
reduce the need for grammar designers to define their own—and
novel Ul features for exploring candidate templates (catalog search)
and encodings (fan outs)—which may facilitate more efficient and
consistent exploration. Our system, furthermore, hoists the burden

f data out of the rendering

ate, there is opportunity for shared platforms and mnhng between
languages, which we explore in our grammar-agnostic templates.
The integration of

vith modest experience in both visual analytics systems
and Vega/Vega-Lite (per Sec. 52). Users were able to

bleto users

a set ofransfors), which would therwis r-
quire to implement its own data 1

As users move between templates (specified in puasﬂvl) different
‘grammars), their settings (including filters) are mapped from one
template to the next via role and order-based heuristics. Future

use of affordances for exploration found in our shelf building UL
and fan out (G2), and were able to utilize the capability of templates
to improve the ease of use (G1) and reuse (G4) of declarative chart
specifications while maintaining their flexibility (G3).

‘We believe that this multimodal approach has value for a variety
of use cases. Exposing a connection between GUI and programmatic
APl may enable analysts to self-serve their chart creation needs.
Ifa particular chart form is not available (but is constructible by
one of the supported grammars) then they can create it for them:
selves, rather than requiring reliance on engineering resources
‘This connection between text and GUI appears to help users learn
and comprehend JSON-based charting grammars, which may be
unfamiliar or difficult to understand. The repeatable customization
found in templates might also, for example, enable practitioners
(e data journalists) to explore designs in a structured manner that
does not violate their organization’s visual identity.

6.1 Limitations and Future Work
“The version of multimodal visual analytics found in our prototype
has its share of limitations. The strength of each modality in Ivy

work could enable translation bet which
could yield opportunites or education and portablity

th
are also benefis to taking domain-specific knowledge into account.
Language-specific rewrite rules—part of the extension interface,
described above—are one such example. Language-specific knowl-
edge could further be used for recommendation, as well as data
‘manipulation and presentation concerns. For instance, when a data
field is dragged to a drop zone in Lyra [74] the appropriate type of
scale is automatically inferred (75]. Lyra is able to offer this func-
tionality because it has a model of the grammar being manipulated,
a functionality which our approach currently lacks

Alack of context and content-aware automated guidance is a
ey limitation of our design. Yet. it should be possible to identify a

APL
from the abstraction and Ul concerns shared by all. Such an AP

(Sec. 2.23) with Ivy's domain-independent type-based exploration
(Sec. 4.4, as well as embrace new interaction modalities.

is only as good as its implementation, which can render artificial

Anytime there are
cites you like or
are curious about,
go to the back
and circle them

If you are

motivated
them up later,
nbd if not.

Red and green are great because they are easy
to see. (Highlighters are not allowed, because
you can’t write notes)
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STEP 3B.
UNDERLINE STUFF FIND A LOCATION

HS ‘I’UU GU Sit down at a table with the paper.

NOT EVERYTHING, 51T A1 TTTE HITY THITIE ‘ ‘

SEENS IO BE SHIUUTTH 'RHETORICAL FORCE \ _
€=
ALLOWEDI NOT ALLOWED!

Try to remove all distractions: put away
your laptop, you can have music (but
try to keep it non-distracting™)

Posture is super important! Sitting on a
This can yield a lot of underlining. couch isn’t great for comprehension
This i1s unlikely to be useful later, but
it Is useful now, as it helps you not
gloss over long or boring sentences.

* drones** are great for this
** Such as the works of Pauline Oliveros



STEP 3C.

HCIUALLY

READ THE FUCRKING

It takes awhile! Be pa’uent'
(like 1-4 hrs



